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Warm-Up

Ask yourself...
1 What technological innovation has most surprised you

during your lifetime?
2 What is your memory of first learning about it?
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Tools are part of the human story

Human success has depended on using tools
Division of labor underpins all modern economies
Tools change comparative advantages, affecting
economic distribution

www.freepik.com/free-photos-vectors/simple-machines
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But AI presents unique dilemmas

Automation of manufacturing jobs increased:
returns to higher education (Goldin & Katz, 2008)
economic and political polarization (D. H. Autor &
Dorn, 2013)
all-cause mortality of affected groups age
45–54-(O’Brien et al., 2022)

AI has potential to:
extend the reach of human expertise (D. H. Autor,
2024)
accelerate scientific discovery (Hao et al., 2026)
change the nature of work (D. Autor et al., 2026)

My Wife and My Mother-in-Law, W. E. Hill, 1915
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AI is not new

Balancing an investment portfolio

Searching Google for information

Translating a document to another language

Getting film suggestions from Netflix

Having Google Maps suggest your route
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But is AI "intelligent"?
1 2

3 4
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How Machines Learn

Author

Chire (Public Domain)

Claude.ai

Supervised Learning
The computer learns from labeled examples to make predictions.
Ex: Predicting the word in Spanish from the word–and neighboring
words–in English
Goodfellow, Bengio & Courville (2016) Deep Learning

Unsupervised Learning
The computer finds hidden patterns in unlabeled data.
Ex: A streaming service grouping viewers with similar tastes.
Jain, Murty & Flynn (1999) ACM Computing Surveys

Reinforcement Learning
A program learns by trial and error, earning rewards for good moves.
Ex: ChatGPT improved by being rewarded for helpful responses.
Sutton & Barto (2018) Reinforcement Learning: An Introduction
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Generative AI adoption has been fast
Source: Arnon (2025), citing Bick et al. (2024)
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"Attention" to words in context was the breakthrough

Vaswani et al. (2017)

Large language models (LLMs)
sounded human

Retrieval augmented generation
(RAG) combined trained models with
up-to-date info

Agentic AI can now “remember,” reason
through steps, control your computer

Vibe code in Claude Code. Do forms in CoWork.
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Our new research

"Helping People Choose Careers in the Age of AI," (Steele & Cruz, 2026)
1 Claude and ChatGPT queries used to estimate automation risk for 923 jobs based on

19,000 tasks and 41 Generalized Work Activities (GWAs)
2 Synthesized with projections from five other models
3 We find entrepreneurial and social jobs are somewhat less exposed across models
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Our analysis compares diverse automation prediction models

Models Under Consideration

Article How Measure
Steele & Cruz (2026) Anthropic & GPT queries % of job tasks automatable
Eloundou et al. (2024) GPT & human raters % of job LLM+ can do twice as fast
Felten et al. (2021) Crowd-sourced Job ability automation suitability

Webb (2020) Text-mining for semantic
overlap AI patent filings & job descriptions

Brynjolfsson & Mitchell
(2017) Crowd-sourced w/ rubric Task suitability for machine learning

(SML)

Frey & Osborne (2017) Human raters Abilities that are not social, creative, or
dexterous
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Our empirical measure employs 2025 Claude and OpenAI usage

Using query data from 2025 for Claude (Free, PRO, API) (Appel et al., 2025) and
ChatGPT (Chatterji et al., 2025), we define the following:

General Work Activity Exposure defined as:
=80% if in the top decile of Claude, Claude API, or OpenAI queries (>7% of queries)
=45% if 50th to 90th percentiles (1-7% of queries)
=10% if below 50th percentile (<1% of queries)
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Models yield heterogeneous signals
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Models vary in predictions by occupational level
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Models vary in predictions by salary
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Job category exposure by model

Highest exposure categories and approx % of job tasks exposed, by model

Model JobZone RIASEC Sector
Steele (Queries) Adv (41.6) Investigat (41.6) Compu/Math (43.3) Legal (43.3)
Eloundou (GPT) Bach (45.9) Conventional (53) Office (60.7) Compu/Math (57.6)
Felten (Crowd) Adv (86.4) Investigat (85.7) Compu/Math (97.6) Legal (96.5)
Webb (Patents) Bach (33.4) Investigat (38.8) Compu/Math (45.3) Sciences (45.1)
Brynjolf (Crowd) Bach (61.6) Conventional (66) Office (72) Sales (67.9)
Frey (Theory) <HS (82.6) Conventional (67) Office (84.6) Manufacturing (82.5)
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Most-exposed jobs by model

Which jobs show the highest automation exposure, by model?

Steele (Queries) Eloundou (GPT) Felten (Crowd)
Environmental Economist Telemarketer Genetic Counselor
Mathematician Credit Authorizer Financial Examiner

Webb (Patents) Brynjolf (Crowd) Frey (Theory)
Wastewater Treatment Mechanical Drafter Telemarketer
Civil Engineer Tech Mortician Insurance Underwriter
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What is certain is uncertainty

In times of rapid transformation, the only constant is...
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Resilience is the uber skill

Skill demand changes will reshape the economy
Courage to learn, pivot, make mistakes is vital
Smart bets: entrepreneurship and strategy
Safe bets: interpersonal and dexterity skills
Most require EQ: self-regulation and working across
difference
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Fun links and where to find me

]]

Coming from Bloomsbury
in summer 2027: Get started with agents: Claude CoWork:

support.claude.com/en/articles/13345190-get-started-
with-cowork ($20/mo for Pro)
Get started with vibe-coding: Claude Code:
code.claude.com/docs/en/quickstart (incl. w/ Pro)
Find these slides:
jensteele1.github.io/research/school-to-work
Follow me on LinkedIn:
www.linkedin.com/in/jensteeledc
Follow me on X: x.com/jensteeledc
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